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The Problem: Assumption of mono-modality
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Reflectivity per bin
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Represent (sub-)peaks as nodes in a binary tree
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Reflectivity per bin

Represent (sub-)peaks as nodes in a binary tree

and if this would be , .
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Example: 29 June 2017 MIRA @ Polarstern (- Talk by H. Griesche on Tuesday)
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Spectral Reflectivity [dBZ]

Spectral Reflectivity [dBZ]

Visualizing the moments
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Grouping particle populations
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Separating particle populations
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2nd population

Separating particle populations
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Conclusions and Outlook

Binary trees are a flexible and (mathematically) rigid data structure
for sub-peaks of multi-peaked cloud radar spectra.

No prior assumptions on number, arrangement or hierarchy of peaks required.
Backward compatible (node 0 = moments of full spectrum)
tree representation can be used to separate particle populations

future: combine with peako S (5] [ET
(Kalesse et al., AMTD 2019 + Poster upstairs)
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